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PE®EPAT

OIEHKA 1 ITPOI'HO3 BOJIATUJIbHOCTH ®PTHAHCOBbBIX
BPEMEHHBIX PAJIOB C UCIIOJIb30BAHHUEM MOJIEJIEN ICA-GARCH

Huromuas pabora, 49 c., 4 puc., 3 Tad1., OHO MPWIOKEHUE, 27 UCTOUHUKOB.

KuaroueBsle ciioBa: BonatunsHocTh ycinoBHo# qoxonHoctu, GARCH, peanu3zo-
BaHHas BoJlaTWIIbHOCTE, RV, HAR-RV, MCS.

B pa6ote nposeneno uccienoBanue moaeiaeit GARCH nu HAR-RV. Lens padoTst
3aKJIo4vaeTcs B orieHKe criocoOHocTu moaeieii GARCH m BBICOKOYACTOTHBIX OLIEH-
IIAKOB BOJIATWJIBHOCTH MTPOTHO3UPOBATh BOJIATUIILHOCTD YCJIOBHOU TOXOQHOCTH JIJISI
S&P500, FTSE 100 u Nikkei 255. I[IpoBeieHO cpaBHEHUE ITPOTHO30B BOJIATUIBHOCTH
IJIS1 9TUX MHAEKCOB ¢ moMonibio MCS tecTta. [TonydeHHble TaHHBIE TO3BOJISIOT CAEIATh
BbIBOZ O TOM, yTO HAR-RV monenn npeBocxoggar apyrue Moaenn BHE 3aBUCUMOCTHU
OT MHJEKCA U BPEMEHHOTO TOPU30HTAa. Pe3ybTaThl ¥ BBIBOABI COTTIACYIOTCS C TTOCTIET-
HUMM JIMTepaTypHBIMM JaHHBIMU. Takum oopaszom, mogeni HAR-RV BeiensioTcs kak
ONTUMAJIbHBI MTHCTPYMEHT 151 POrHO3UPOBAHUS KPATKOCPOYHBIX M3MEHEHUI BOJIa-
TWJIBHOCTH, OJ1arofapsi UX crocoOHOCTH 6ojiee TOUHO OTPaXKaTh TUHAMUKY PBIHOYHBIX

KOJIEOAHUIA.



PIO®EPAT

AIIPHKA I IIPATHO3 BAJIAILJIBHACIII ®IHAHCABBIX YACOBBIX
IIISPATAY 3 BBIKAPBICTAHHEM MAJISJISIY ICA-GARCH

Hpimiomuas pabota, 49 c., 4 madn., 3 Tabi., aA3iH qagaTak, 27 KPbIHIL.

Karwuasbia coBbl: BanaiiisHacis ymoyHait naxoanacii, GARCH, paanizaBanas
BaslanuibHaclp, RV, HAR-RV, MCS.

V paborie npaBeasena gacienaBande Maaansay GARCH i HAR-RV. Mara nparist
3akiovaenia y andHubl 3q0iupHaci Magansay GARCH 1 BelcOKaYalllubIHHBIX all-
SHIIYBIKAY BajalllIbHACIIb MMparHa3aBallb BaJlalliJIbHACIb YMOYHA JaXOaHACH J1Jis
S&P500, FTSE 100 1 Nikkei 255. [IpaBea3eHa napayHaHHe ITpardHo3ay BajallijibHaCIb
11 TTHIX 1HI9Kcay 3 nanamoraid MCS TacTy. ATpbIMaHbIsl 1aA3€HbISA Ja3BaISIOb
3pabire BEICHOBY a0 ThiM, mTo HAR-RV Manani nepay3sixon3siib iHIIbIA MaadJIi
a-3a 3aJIe’KHACITI0 ]l IHJI9KCA 1 yacaBara rapbl30HTY. BbIHIK1 1 BHICHOBBI CTaCYIOIIIA 3
amnoIIHIMI JiTapaTypHbIMI Jaa3eHbiMi. Takim ubtHam, Maaa1i HAR-RV Bbulyydaonia sk
anThIMajbHAs MpbLIaAa 15 MparHa3aBaHHs KAPOTKATIPMIHOBBIX 3MEH BaJlalliibHACIIb,
A3SKYIOUBI 1X 3JI0JIbHACII OOJIBII carmpayabl aJIloCTPOyBallb JIbIHAMIKY PHIHKABBIX

BaraHHAY.



ABSTRACT

EVALUATION AND FORECASTING VOLATILITY OF FINANCIAL TIME
SERIES USING ICA-GARCH MODELS

Diploma, 49 p., 4 figures, 3 tables, one appendix, 27 sources.

Keywords: Conditional return volatility, GARCH, realised volatility, RV, HAR-RV,
MCS.

In this paper, a study of GARCH and HAR-RV models has been carried out. The
aim of the paper is to evaluate the ability of GARCH models and high-frequency
volatility estimators to forecast the volatility of conditional returns for the S&P500,
FTSE 100 and Nikkei 255. A comparison of volatility forecasts for these indices using
the MCS test is carried out. The findings suggest that HAR-RV models outperform
other models regardless of the index and time horizon. The results and conclusions are
consistent with recent literature. Thus, HAR-RV models stand out as the optimal tool
for forecasting short-term changes in volatility due to their ability to more accurately

reflect the dynamics of market fluctuations.
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