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PE®EPAT

Marwuctepckas auccepranus, 52 crpanui, 19 pucynkos, 2 tTabmuipsi, 13 dopmyn, 12
HMCTOYHUKOB.

KiarwueBble cioBa: o0paboTka OOJBIIMX JaHHBIX, 00paOOTKa MajbIX JIaHHBIX,
METO/Ibl aHaIM3a JAHHBIX, MAIIMHHOE OOydeHHe, IIyOOKoe 00y4eHHE, KOHCTPYKTHUBHBIN
aHaM3, HEUPOHHBIC CETH, KIIaccu(UKaIUs TeKCTa, 00paboTKa €CTECTBEHHOTO S3bIKA.

Leab padoThl - sBISETCS MPOBEACHHUE KOHCTPYKTHBHOT'O aHAlM3a MOIXOJO0B K
00paboTKe Kak OONBIINX, TAK U MaJbIX JAHHBIX B KOHTEKCT€ METOIOB aHAIU3a JaHHBIX,
BKJIFOYAsl MAIIMHHOE O0y4YeHHE U TIIyOOKOe 00 ydeHHeE.

O0beKT uccje0BaHusA — HEHPOHHBIE CETH B MPUMEHEHHUH KJIacCU(UKAIIMK TEKCTa.

IIpeamer uccienoBanus — METOAbI 00PaAOOTKU JAHHBIX, IPUMEHSIEMBbIE JIJISl aHAII3a
KaK OOJIbIINX, TAK U MAJIBIX 00EMOB UH(OPMALIUH.

B pabote nmpoBoauTCs aHaIM3 pa3IUYHbIX METOAOB U MOJAXOA0B K KiIacCU(pUKALUU
TEKCTa B KOHTEKCTE 00pabOTKH €CTeCTBEHHOTO si3bIKa. [IponcxoauT n3ydeHne u cCpaBHEHHE
pPa3NIUYHBIX MOJeNed MAaIIMHHOTO OOY4YeHHs, BKIIOYas KIACCHUECKHUE alrOpPUTMBI U
riyOOKue HEMPOHHBIE CETH, TPUMEHSIEMbIX JUI KJIACCU(PUKALIMU TEKCTA.

Kpome Toro, mpoBoguTCsi 0030p pa3IUYHBIX apXUTEKTYp HEHPOHHBIX CETEH, TaKUX
Kak pexkyppeHTHbie HelipoHHbIe ceTh (RNN), cBepTounbie HeliponHble cetn (CNN), a Takxe
TpaHcQopMepbl, U M3YYAIOTCS HUX NPUMEHUMOCTh U 3(DPEKTUBHOCTH B 3ajlayax
KJ1acCU(PHUKAINH TEKCTA.

OcHoBHOI (Pokyc pabOThl HampaBieH Ha aHaliu3 S(PPEKTUBHOCTU PANTUYHBIX
MOJIXOI0B K KJIaccu(UKaIMK TEKCTa HA Pa3IMYHBIX Ha0OpaxX JaHHBIX, a TAK)KE BBIABICHUE
UX MPEUMYIIECTB M HEIOCTATKOB B PA3JIMYHBIX CIIEHAPUSAX NpUMeHeHus. B pesynbrare
MIPOBEJIEHHOTO MCCJIEAOBAHUS JI€NAI0TCS BBIBOJBI O HambOosee 3(P(EKTUBHBIX METOAAX U

moaxoaax K KJ'IaCCI/I(bI/IKa]_II/II/I TCKCTaA B PA3/IMYHBIX YCIOBHAX MU 3aJa4aX.
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ABSTRACT

Master's thesis, 52 pages, 19 figures, 2 tables, 13 formulas, 12 sources.

Keywords: big data processing, small data processing, data analysis methods,
machine learning, deep learning, constructive analysis, neural networks, text classification,
natural language processing.

The goal of the work is to conduct a constructive analysis of approaches to processing
both large and small data in the context of data analysis methods, including machine learning
and deep learning.

The object of study is neural networks in the application of text classification.

The subject of the research is data processing methods used to analyze both large
and small amounts of information.

The paper analyzes various methods and approaches to text classification in the
context of natural language processing. Various machine learning models are studied and
compared, including classical algorithms and deep neural networks, used for text
classification.

In addition, various neural network architectures such as recurrent neural networks
(RNNs), convolutional neural networks (CNNs), and transformers are reviewed and their
applicability and effectiveness in text classification tasks is studied.

The main focus of the work is aimed at analyzing the effectiveness of various
approaches to text classification on various data sets, as well as identifying their advantages
and disadvantages in various application scenarios. As a result of the study, conclusions are
drawn about the most effective methods and approaches to text classification in various

conditions and tasks.
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