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AHHOTAIUA

Jlunnomuas paboma, 57 c., 35 puc., 53 ta6n., 19 ucrtounuxa.

MAIIMHHOE OBYUEHUE, 3AJTIAYA KITACCUDUKALINMN,
AJITOPUTM JIEPEBA PEILIEHUI C4.5, AJITOPUTM JIEPEBA PEIIEHWH
CART, JIOTUCTUCTUYECKAA PEI'PECCHA, AJITOPUTM
KIIACCUOUKAILIMN CJIYYAUHBIA JIEC, KPEAMTHBLIM CKOPUHT,
AHAJIN3 KAYECTBA MOJEJIN KPEAMTHOI'O CKOPUHTA.

Obvekmom uccredoganus SIBJASETCS 3a/adya  KPEIUTHOTO CKOPHUHTA,
npoOiembl Kiaccuukanuu 3aéMIIMKOB M TMPEJCKa3aHUs COOTBETCTBYIOIIUX
KJIACCOB C TMOMOIIBI0 METOJIOB MAIIMHHOTO OOYy4YEHHUSI HAa OCHOBE PAa3JIMYHBIX
MOJIEJIEN.

Llenv pabomwsr — pa3paboOTKa U UCCIEIOBAHUE MOJIEICH U aNrOPUTMOB IS
Kjaccuukanuu 3aéMIIMKOB OaHKa M MPEACKa3aHUs KJIACCOB 3aéMIIMUKOB Ha
AHKETHBIX JJAHHBIX U JAHHBIX U3 COIMATIBLHOM CETH.

3a BpeMs paboThl ObUTH PEILICHBI CIAEAYIOITUE 3a/1aUH:

— JaH oO0mwui a”anu3 npoOJeMbl pa3pabOTKU MoJened KPeIUTHOIO
CKOpWHTa Ha OCHOBE METOJIOB MAIIMHHOTO O0YYCHHS,;

— JUIS 3aladyd  KPEeIWTHOTO CKOpPWHTa, paccMaTphBaeMOW Kak 3ajada
CTaTUCTUYECKOW KJIacCH(UKAIMK, OMHCAHbl HCIOJb3yeMble B paboTe
QITOPUTMBl MAIIMHHOTO O0O0y4YeHusi Joructuyeckou perpeccun, C4.5,
CART, Random Forest;

— TOCTPOCHBI MOJAETH KPETUTHOTO CKOPUHTA C MTOMOIIBI0 anropuTMoB C4.5,
CART, Random Forest Ha si3p1ke porpammupoBanus Python mis nByx
Ha0OpPOB JAHHBIX: JIAHHBIC, KOTOpPbIE COOMpPArOTCS OAHKOM C MOMOIIBIO
aHKEThl M Y€ HMEIONMEHCS KPEIUTHON HCTOPUU KIWEHTAa W JIaHHBIC,
U3BIIEKaEMbIE U3 COLMATBHBIX CETEH;

— B TIpOIECCe MOCTPOCHUS MOJIENEeH KPEAUTHOTO CKOPHHTa H3Y4YEHBI
BO3MOYKHOCTH TaKETOB SI3bIKa IIpOrpaMMupoBanus Python mo moarotoske
JaHHBIX numpy, pandas, matplotlib a Ttaxxke mnakera sklearn mo
MOCTPOCHUIO MPEAUKATUBHBIX MOJEIEH s 3a7aun KIlacCU(pUKAIINH;

— TPOBENIEH CPAaBHUTEIBHBIA aHAIN3 MOJENCH KPEIUTHOTO CKOPHHTA s
Pa3IMYHBIX AITOPUTMOB KJIaCCU(DUKAIIHH.

[Tony4yeHHbIE pe3yIbTaThl MOTYT UCIIOIB30BATHCS B CPepe KPEAUTOBAHUS JIsI

COBEPILICHCTBOBAHUS MOJIEJIEH KPEAUTHOIO CKOpUHTa IyTeM J00aBiieHUA
MIPU3HAKOB, MMOJYYEHHBIX U3 COLMATIBLHBIX CETEH K OCHOBHOM aHKETE.



ABSTRACT

Diploma thesis, 57 p., 35 pic., 53 tables, 19 sources.

MACHINE LEARNING, CLASSIFICATION, DECISION TREE C4.5,
DECISION TREE CART, LOGISTIC REGRESSION ALGORITHM, RANDOM
FOREST ALGORITHM, CREDIT SCORING, CREDIT SCORING MODEL'S
QUALITY.

Object of research — credit scoring models, problems of the classification of

borrowers and predictions of borrowers’ classes using machine learning methods

based on different models.

Purpose of research — development and research of the models and

algorithms for classification of borrowers and predictions of borrowers’ classes

based on data from bank and data from social networks.
During the work, the following tasks were solved:

general analysis of the problem of developing models of credit scoring
based on machine learning methods is given;

for the problem of credit scoring, considered as a problem of statistical
classification, the algorithms of machine learning for logistic
regression, C4.5, CART, Random Forest used in the work are
described;

models of credit scoring using algorithms C4.5, CART, Random Forest
in the programming language Python for two sets of data: data that the
bank collects using the questionnaire and the client's existing credit
history and data extracted from social networks were built;

in the process of building credit scoring models, the capabilities of the
Python programming language were studied packages for preparing
data numpy, pandas, matplotlib and also the sklearn package for
constructing predicative models for the classification problem;
comparative analysis of credit scoring models for different
classification algorithms was carried out.

The results obtained can be used in the sphere of credit for improving
models of credit scoring by adding signs obtained from social networks
to the main questionnaire.

The obtained results can be used in the sphere of credit for improving models
of credit scoring by adding features from social networks to the main questionnaire.



